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Abstract: As a subfield of artificial intelligence, machine learning has gained widespread application due to
its exceptional ability to learn models and summarize experiences from large datasets. To address the issues
of time consumption, labor intensity, poor objectivity, and low accuracy in the flavor quality prediction of
jasmine tea, machine learning algorithms were introduced. As a branch of artificial intelligence and computer
science, machine learning utilizes data and algorithms to simulate or replicate human learning behavior,
exhibiting strong capabilities in handling irrelevant information, extracting feature variables, and building
calibration models. It has found broad applications in the food industry. In recent years, there have been
numerous reports on the application of machine learning in tea processing, but there are relatively few review
articles specifically focused on the application of machine learning techniques in predicting the flavor quality
of jasmine tea. This paper reviewed the principles of commonly used machine learning models and their
application in predicting the flavor quality of jasmine tea. It introduced the application of current machine
learning models in the physical testing, chemical indicators, and microbial and pest detection aspects of
jasmine tea flavor quality prediction, with the aim of providing a reference for the application of machine

learning in the development of the jasmine tea industry.

SCIENCE AND TECHNOLOGY OF CEREALS,OILS AND FOODS oo JJ\" = s 'l=:

Key words: machine learning; jasmine tea; prediction; flavor quality; application
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Fig.1 Traditional jasmine tea processing
process flow chart

HURIG G0, (RO SRR A A, 4
T i OB AR I (i B =5
AR E ) T E SR E AR

ROFRA KR . HETR . FOAERE A gl
TR E i T 202 B0 AR AL A KUK ft S5t A9 532 W) AL
*1,
2 HLBFF S TR T 5 Y RUBK fa BT Tl
BILAR 27 2T TE R AT AL A DU i Joz 500 1) 3t 22 o
Kl 2 s, AdERDIRILA R (1) ZRBUHOCEL
Wi, TSR AL RSB (2) WS
B P rh A AT A PR B A T A . B,
AT AL B, SEIBOM G ARMES B, T AR R £
PaREAS o B AT R bR EAL e S A T 3L
AR, (3) B BdE T ALER 7 > BT
RA, Sl AR R BE A B IR AR
R 22 /N RN, 153 80 X5 LA A 2

MR . SRR, R R A 21 P As i fee f
BRI AT P, DA A 2 5 2 F) L 25

R1 BAEHITESHIRALT KRR

Table 1 Influence of some process parameters on flavor quality of jasmine tea
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Fig.2 Predictive process of jasmine tea flavor and quality based on machine learning
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Support vector machine (SVM); (c¢) Convolutional neural network
(CNN).
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Fig.3 Three schematic diagrams of algorithm models
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Table 2 Advantages and disadvantages of different machine learning algorithms and improvement measures
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Fig.4 Schematic comparison of the four network models
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Fig.5 Assessment of aroma quality in tea
with orchid-like aroma
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