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A kind of Big Data Placement Method
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Abstract More and more data-intensive applications have come into being. It is becoming more and more important for
the big data’ efficient placement in the data center. This paper proposed a kind of big data placement model. The major
factors that influce the big data placement have the following three points:energy consumption, sevice capability of het-
erogeneous node and the data sets which have associated computing. Based on these three factors,our big data placement
model considers the energy-saving, service capability of heterogeneous node and the complex Join query mapreduce com-

puting so on. This model can implement the big data’s efficient placement management efficiently. At the same time, it

will estabilish a foundation for software customized data center in the future.
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