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Abstract Entity resolution (ER) is one of central issues of data integration and information retrieval. Its purpose is to
find all real-world entities from a given dataset, and to cluster the references that refer to the same entity. ER process
was partitioned into blocking step, records comparison step and matching decision step. The methods of blocking were
summarized according to the way that records are clustered together, and the methods of record pair comparison are sur-

veyed according to the size that strings are grained,and the decision models were introduced according to the way that

records associate with each other. At last, the future research issues were discussed.
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