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Abstract In order to improve the the results of statistical machine translation in Chinese-English, the paper proposed a
language model based on dependency syntax relationship. In the more mature features of phrase-based statistical transla-
tion, this new model can further constraint the result of the NBEST sequence by decoding, recalculate the NBEST se-
quence scores,and adjust the NBEST sequence to get a better translation. Experiments with a test set with baseline of
"Pharaoh" in 500 English sentences and the final experimental results show that the proposed language model with de-

pendency syntax relationship can improve the accuracy of Chinese-English’s best statistical translation in some extent.

Keywords Dependency syntax,Language model, Machine translation

1 3l

UTAER, AR B BB 2 35 | A BIALER B R 0 1 AR
W FEIRAMIEE T, RPN RIEILE ITG ZALE [F) 4
BEEAT AL BIED , Chiang 42 H 892 KEIBEAS 5
ITG ), #RE TR AL S (A REREHF T H L ITG
iR, FEE S FIRETT A Yamda S48 H K R 50 5 2R
ERIE [ 2 X PR AR ) B B B AY, Lin (925 T 42
AR HAL ) K Quirk S A2 TARAF AL AT GE T B
AR, DL R 50T TLAF R JR A RN B (S AL, R S T
BGE T HLAS B AR AL , BESA OF FTIE = AIE (R BORXHE R
Plas BHIERIRCR .

TETE 7 2FE TR B A U 75 1 AN AR s 8 R 5
TR FEXTIRIE T B0 BANE S EE AT A R AR R
REAERA BGOSR AR T B W i T ik R R
R BIFBA A SR , X SEAEM I, R BEHUR DA
i, AR AR (R BARXEA ORI X S JL - Bch STk B
L, A SCLEA X AR 22 TR B gE T BT SR O 2R |, 4R

H 2 TR A A 1 50 R 8 5 AL, TE R RS ) 1 AR
NBEST 1636 B 30 » DL TR AIHE R R IR & BB E 3T
B BIEA945 4, U NBEST 3% B 751, 7E M 2R Al b
RN B ERIE

2 HXEFHERBEITE

Xt MR T A1 ST THHLER BT AT P ST BT LA
HIE , AR ETRAAREE R T EIBS IR R TT
T TG R AR AR AR AL - R AL, 3 R AR MR- A A, £
S AR RARAR A B, A4 I AR AN AR R AR AR, Il 2t
BRI KRR R X THRAF R R R Z A AR R X 26
TR B R A A ¥ 5K 2R AR B A i OB Al i 72 B AR K 9 1
M.

B A E BT » TERR RS I 2 H0R F E BB AL, 205X
M:

expl 3 Ak (5111
Sexpl 35 A @l ot])]

€1

Pr(st )= ¢))

FF H:2013-05-20 iRfE H#:2013-08-25 A2 ERK HAPHEE 4 (61163022,61262041D B
BEAZBA978—), B M4, FEMRFMANEREERE £A0965—), B, 4L, 88, B LAERIN, FEMR T NG EH; KBEsh (1975
=) i, EEMEF RMEFT SR REF 970, B, 8+, #8, B+HE 30, CCF ME SR, FEIR T M LS #E,
E-mail: ztyu@hotmail. com; 3  #(1982—), B 14 , T EWFH W IHLIS B0,

0990



o CsT ot R HRAE R B, Hop m=1, -+, M, Xt F A ha
Gl D) R HINL I SH A, . BATH) BARE R A, I
SO BN B AR R, B R, G, DR, (D
e SRR A R R 5 R SR R AT T 4 R A AL

¢/)\1=arg max, {mlé/\mhm(s{ st} 2

IS RET, DURFE s ECR 29 SRS PR B4, TH B
RESR 52 AR BHIE , 84 T LAt A A A 3ok 78 v i) 22 [ 19 /g ik 26
e REARD W BIEH,

N T EF LIS, YA “Pharaoh” &R 4t 4 LA &, 3T
AHTR] ) ARRAE R, R AL AR A DL Ty U IE SR AL
Bt 8 NBEST 15 #1345 43, LA B15 2 58 47 1 e R 8 i
iR,

3 ETREFAEXARNEEHEE

3.1 RFEE

WAk E BT T R ARAF KR P AR O R A
RPN Z E R KR BIEHRIE T —MAMS — A E
BBES . FEGETHLE BR T IR R —ER T
DLES B AORFE , AR AR AL TR GRIA LU KRR 4
MRV B M G540 22 5 60 T EL o TR R R LA R 45
5K 28 SN A 1) 2 [) A% B (9 38 AR AA R L AR SCR R AF
AL RN GRGETHE F AL,
3.2 ZiHEERE

GBS AL BIE B S U 5 B R JORC 7
RPN SRS A R HOR S X REARE F S AR
BERL, (AR 5 17 751 R RAE R TS IR I 3 7 51 B BERAF
XTI wr 5o w, BAIT, HAERAT LU (DI

p(wn ,"',wm):P(un)lliP(w [0 yee s i) 3

AN SRR R iR Y SR R AU S BT n— 1 ARG, T
plwn s sw,)=p(w )}:n[zp(wi | @i s ***swim1) s FR R Ngram
B, A SO SR 3 TLif H AL
3.3 KRFBEFEHINZ

BRIV SR T B R AU SR A 39 7 1%, B

 Clwy—prwir s w;)
(i | Wi s »wi—l)——c(wiin_“wiil) s H Clwiy

W1 W) j&lliggﬁ,lﬂ: Wi—n ** " Wi—1 s Wi E)'C*):"I ':F' I'ZH b2} B‘Jlk
.

L 10 S sc il gR4E , L Stanford 4434 ISR
TH, X ZREE i i a3 SCHEAT ) e 434, 1 4 -

My dog also likes eating bananas.
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