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Abstract In order to better obtain face texture features for representing face and solve the problem of the face multi-
frequency weights, this paper proposed dual-tree complex wavelet multi-frequency within-class and inter-class uncertain-
ty fusion in face recognition. Dual-tree complex wavelet multi-frequency features are first used to show face texture fea-
tures, Dual-tree complex wavelet multi-frequency within-class and inter-class uncertainties are calculated to get multi-
frequency uncertainty weights, at the same time two-dimensional principal component analysis method is exploited to
construct the linear subspace for face multi-frequency features,and the final face features from face subspace weighted
fusion can ensure that the projected sample has minimum within-class distance and the maximum inter-class in the new
space. The experimental results on ORL database and comparative analysis indicate that compared with the classical
two-dimensional principal component analysis, traditional wavelet, Gabor wavelet and dual-tree complex wavelet feature
extraction method, the proposed method in this paper obtains better recognition rate.
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